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Despite the hype around ChatGPT, it turned out to be prac- . =
FEARBH it o L
tically useless for my needs.
It is a satanic being, a non human life form with this much | A& 3 R it F 58 K 75 2 9k R
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smarts is devil ! i il 0
There didn’ t seem to be any option to choose plugins or ‘ o FES
S T IR A R A s B RIF
browsing on the app
Disappointing, it just gives the most pointless responses, . .
i A R B IR B U AR O HL TR
essentially telling you to ask a professional.
Always struggles with complex queries, failing to deliver . L
TG M) B B HEAT: 55
satisfactory solutions
‘ | mExEpE
I could be talking about one thing and it would go to a com- | JGiZ Y 2K T f# FH F 75 oK il
pletely different thing. = 4
T use this app to edit my novel I’ m writing. After the re- . .
N KRR IR ES
cent update, the usual prompt I give it has been giving me | 1EIE# TS5 H KK I
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trouble.
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Even if I spend money, I still have to endure " You have N N
PR i 22 E AR
sent too many messages to the model.
I have tried to log in through various means but it has N ‘
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proved futile.
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I 55 P 1) At
me how to resolve this matter.
Gives wrong information at times. AN A
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Problematic scrolling issue when history is turned off which N
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has gone unaddressed for several updates now. g
It’ s hard to scroll down without it trying to scroll left to N IS
b lef Lt 5
pop open the lett menu.
o itk
Overall interface is clean, but on the iPad in landscape ori- . s e v
ANTE T AN T A L
entation it s basically a phone sized cutout.
Several dollars for such a few rows of stupid and useless \ .
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words.
My phone heats up like crazy when using this app. PERE A FHL A
Could you please make the app compatible with older ver- e A
AL ) At
sions?
Requires your phone number for use, collects your user da- N ‘ .
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ta, and is coded by its developers.
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